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3Loss Matrix
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import numpy as np
class GDLogisticRegression:
def __init__(self, n_features, max_iter=50000, 1r=0.0001, tol=1le
-6, momentum=0.9):
self .N = n_features
self .beta = np.zeros((self.N+1,))
self .max_iter = max_iter
self.1lr = 1r
self.tol = tol

self .momentum = momentum

def loss(self, X, y):

pass

def loss_derivative(self, X, y):

pass

1 Correlation Matrix
2Heatmap
BConfusion Matrix



def predict(self, X_test, threshold=0.5):

pass

def fit(self, X_train, y_train):
X_train_new = np.concatenate((X_train, np.ones((X_train.shape
[0], 1))), axis=1)
last_loss = 0

momentum = O
for _ in range(self.max_iter):
pass
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